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What 1s a Neural Network?
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Neural Network Representation
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Neural Network Representation learning
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Vectorizing across multiple examples
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Vectorizing across
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Justification for vectorized implementation
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Recap of vectorizing across multiple examples
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Pros and cons of activation functions
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Activation function
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S1gmold activation function
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Tanh activation function
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ReLLU and Leaky ReLLU

Leaky ReLLU
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Gradient descent for neural networks
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Formulas for computing derivatives
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Computing gradients

Logistic regression SN K0
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Summary of gradient descent
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Summary of gradient descent
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What happens if you 1nitialize weights to
Zero?
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Random 1nitialization
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