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e The first step to this process is determining the best regions on the 00 similar vertices and reduce the e protein-level: predict the most likely functional site on an enzyme

enzyme to attack, known as functional sites. 4(//70 dimensionality of the graph.
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CONVOLUTION

Convolution takes advantage of the
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common chemical motifs for B DP - iosteric site order to extrgct more features in the
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drug beforehand!

FUNCTIONAL SITE PREDICTION

e Accuracy: 96.75%
e Average distance from the binding site: 12.7 angstroms
MISCLASSIFIED EXAMPLES REVEAL NON- ACTIVE INHIBITORY ELEMENTS

hydrophilicity. functional sites. it
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e One of the most pivotal questions for the task is: what is the best
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voxellzatlon: However, this formag is sparse and requires lots of S ; ( QQQ*‘L ; | {2 1D e Point-clouds are effective at learning chemoinformatical properties
preprocessing. Can we do better: ; ?D: /V*/,OOO . =< | v = = Z e |mprovement should be focused on increasing recall
= 0 o L] =
SOLUTION: ATOMIC POINT-CLOUDS = =l Y—1JE B =])  FUTURE WORK
. ° ° ° O ° ° ° °
e Usingthe point-cloud data on each atom is more succinct. ; = N e Find point-cloud data augmentation methods in order to learn more
e Interpreting the point-cloud as a k-nearest neighbors graph _ % positive samples
intrinsically incorporates spatial relationships, and chemical e Research the chemical latent space to see which features are most
features can be written as signals in the graph vertex domain. important to the network
e Graph convolutional neural networks (GCNN) can learn point-clouds. GRAPH CONVOLUTIONAL NEURAL NETWORK (GCNN)
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