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« Our project seeks to classify the ten most frequently Model Training Validation Test o Lk N
Ghapoiad ibensaungss, o Logistic Reg. (MFC) 55% ) B
* Environmental sound classification is a growing field of o \ - BN Vel
research with applications to large-scale, content-based SB-CNN (MFC-D) 79% R
multimedia indexing and retrieval. SB-CNN1 (MFC-D) 50.96% 87.83% 87%
* Current challenges include a lack of a common taxonomy 3 p S
and a scarceness of real world, annotated data. SB-CNN2 (MFC-D) 84.34% 92.01% 92%
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excerpts of up to 4s in duration taken from real field [1] MFC: Mel Frequency Cepstrum spectrogram, MFC-D: Mel Frequency Cepstrum spectrogram with corresponding deltas o
recordings [2] SB-CNN1 modifies window size, SB-CNN2 modifies dropout, SB-CNN3 modifies filter size, BV-CNN aggregates improvements 08
« Each clip was split into overlapping windows of 633ms. The linear classifier is a simple model providing a baseline for performance Z:
+ From each frame, a Mel-Frequency spectrogram and its SB-CNN is a shallow network which seems to overuse dropout parameters fos
delta were extracted with 128 mel bands. " - < = o =
« Mostly even class distribution except for decreased SB-CNN* has a smaller window size which captures features better . BN val
representation of 2 classes: car horn and gun shot. BV-CNN has fine tuned dropout, smaller filters, and a deeper network 02
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Overlapping, smaller windows and better hyperparameters increase accuracy Epoche
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