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ABSTRACT AND OBJECTIVES METHODS RESULTS

Predictive multi-class models are trained for chest x-ray * Deep Learning Models for Multi-Class Prediction i
diagnosis of 14 observations using different deep learning . VGG-16
architectures and a large dataset of x-ray images (CheXpert).
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* VGG-16, ResNet-50, and DenseNet-121 are trained on an
Amazon AWS EC2 GPU instance with Keras.

are applied.
Error analysis of the data indicating unbalance dataset
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Up-sampling data to fix unbalance issue leading to
significant improvement of F1 scores over test data

Gradient weighted Class Activation Map application

For DenseNet-121, both transfer learning and full training
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improve unbalance data, apply image segmentation



