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o Performance on larger and more feature-rich datasets
o Performance for longer time horizons

o Susceptibility to noise of LSTM-in-Conv

o Enhancing LSTM-cell in Convolution with deep layers.

The dataset passed in has only 5-minute averaged speed as I /
a feature. The rest of the features are to be extracted via the

graph and the sequence nature of the data. This is where
LSTMs and GCNs shine.
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