Post-Stroke Lesion Segmentation Using Cascaded Convolutional Neural Networks
David Zhou

CS230 Spring 2018 Final Project

2TP + FP + FN positive, and false negative pixels in the predicted mask

Motivation Model and Architectures
ATLAS is a dataset released in February 2018 that contains post-stroke lesion Small Crop Segmentation 1
segmentations. It would be extremely beneficial to automate the lesion Brain Image Bounding
segmentation process, which is manually intensive and requires extensive Slice Boxes UNet (S) _'
anatomical knowledge, because it is a barrier to large scale neuroimaging analysis.
We attempt to automate the process using a cascaded convolutional neural network. UNet (M)
= N Box Net Medium Crop Segmentation 2
Training Set and Data Augmentation . UNet (L)
ATLAS data: Centered Crop ' UNet (XL)
. N
3 J | BoxNet
,‘ 2 é training .
KoFe) labels Box Net Architecture
da}iugmentation bounding box Example UNet Architecture
cleanjrg and i
pr esgsing Random Crops and Flips .Conv2d .Convzd IFC IFC encoldlngs Conv2d Conv2d
— UNets
training
(slice, mask) inputs
pairs
\ J \L J
( \( . A
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